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INTRODUCTION ethical and legal accountability (Ahmed et al.,

2023; Hassan et al., 2024; Mache et al., 2025).

Rationale

of this review is to identify and synthesise

the barriers and facilitators influencing the
adoption of Al in primary care settings for chronic
disease management. To identify and synthesise
the barriers and facilitators influencing the
adoption of Al in primary care settings for chronic
disease management.

Review question / Objective The main aim

Background Atrtificial intelligence (Al) is being
increasingly incorporated into healthcare to
enhance the efficiency of clinical practice, such as
chatbots and machine learning (Albashayreh et al.,
2024). These Al-based approached were applied
to support more efficient continuing care and self-
management for patients with chronic conditions,
such as cancer and diabetes. However, real-world
adoption of Al is a complex and challenging
process, as it can be influenced by various factors,
such as ethical concerns associated to patient
safety, the extent to which Al tools fit into routine
clinical workflows, and data accessibility alongside

Existing reviews have examined Al
adoption in general healthcare rather than focusing
on the primary care chronic disease management.
A recent review by Hassan et al. (2024) reported
that trust, governance, and regulatory
considerations are the central for Al adoption in the
healthcare settings. Similarly, other reviews have
examined Al adoption in healthcare management,
providing cross-cutting insights into Al use from a
broad perspective. (Assadullah et al.,, 2019;
Chomutare et al. 2022; Jacob et al. 2025). Given
rapid advancements in Al, this scoping review will
identify and synthesise the barriers and facilitators
influencing the adoption of Al in primary care
settings for chronic disease management.

METHODS

Strategy of data synthesis Key search terms will
be used to develop the search strategies. The
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details of the search strategy for PubMed are as
follows:

(“Primary Care” or “Primary Healthcare” or
“General Pract*” or “Practice Nurs*” or
“Community Health*” OR "family medicine") AND
(“Intelligence, Artificial”, OR “Machine Learning”
OR “artificial intelligen*” OR “Al” OR “big learning”
OR “deep learning” OR “automation” OR
“cognitive computing” OR “neural networks” OR
“intellig® computing” OR “natural language
processing” OR “chatbot*” OR “chat robot” OR
“conversational agent” OR “expert system” OR
“Robotics”) AND ("adoption" OR "implementation”
OR “barrier*™” or “hinder*” or “obstacl*” or
“challeng*” or “difficult*” or “enabl*” or “empower”
or “facilitat™”) AND (“chronic disease” OR “disease,
chronic” OR “diseases, chronic” OR “Chronic
condition” OR “chronic illnesses” OR “chronic*”
OR "Long-Term Care" OR "Long-term*" OR
"Longterm* "OR “Non-communicable*” OR
“chronic illness" OR "chronically ill" OR "chronic
patient" OR “heart attack” OR “cardiovascular
disease” OR “neoplasm*” OR “tumo*” OR
“neoplasia”’”OR “cance*” OR “carcinom*”OR
“malignant” OR “Oncolog*” OR “chronic
obstructive pulmonary disease” OR “COPD” OR
“chronic pulmonary disease” OR “chronic
respiratory diseases” OR “asthma” OR “diabetes”
OR “musculoskeletal conditions” OR “Chronic
Pain”).

Similar search strategies will be adopted for other
databases. Moreover, hand searching and
reviewing the reference lists of the included studies
will be undertaken to identify any additional
studies.

Eligibility criteria Population: Patients with
chronic disease or long-term conditions, including
but not limited to diabetes, hypertension, cancer.
Interests/Topic: Focusing on the use any Al
technologies in any primary care settings.

Study design: Studies using either qualitative,
quantitative, or mixed-methods study design.
Language: Published in English with an accessible
full text

Timeframe: studies published in the last 15 years
(from 2010).

Source of evidence screening and selection (1)
Electronic databases: MEDLINE (via PubMed),
IEEE Xplore, Scopus, Cochrane Library, EMBASE,
PsycINFO, and CINAHL.

(2) Manual search: References of included studies
will be reviewed to identify alternative research
until no further relevant articles are identified.

Data management
excel will be used.

EndNote (version 20) and

Reporting results / Analysis of the evidence
Methodological quality appraisal of the included
studies will not be undertaken, as this is not
required component of scoping review. This
approach is consistent with established scoping
review guidance, which indicates that critical
appraisal is optional rather than mandatory (Tricco
et al., 2018). This is a scoping review with a broad
topic, descriptive statistics and narrative synthesis
will be used to summarise and report the findings.

Language restriction English.
Country(ies) involved Australia.

Keywords Artificial intelligence; primary care;
chronic disease; barriers; facilitators.

Dissemination plans The scoping review will be
published in a peer-reviewed journal.
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